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High order intuitionistic fuzzy time series forecasting model

WANG Ya-nan', LEI Ying-jie!, LEI Yang?, FAN Xiao-shi®
(1. Air and Missile Defense College, Air Force Engineering University, Xi'an 710051, China;

2. Key Laboratory of CAPF for Cryptology and I nformatio urity, Department of Electronics Technology,
Engineering University of Armed Police Force, Xi'an 710086, China)

Abstract: A high order intuitionistic fuzzy time series forecasting model was built. In the new model, fuzzy clustering
algorithm was used to get unequal intervals, and a more objective technique for ascertaining membership and
non-membership functions of intuitionistic fuzzy set was proposed. On these bases, forecasting rules based on mul-
ti-dimension intuitionistic fuzzy modus ponens inference were established. At last, contrast experiments on the enroll-
ments of the university of Alabama and the daily average temperature of Beijing were carried out, which show that the
novel model has a clear advantage of improving the forecasting accuracy.
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